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ABSTRACT Brand alliances are often judged by launch visibility, short-run sales, or investor response, yet those metrics do not
reveal whether the alliance actually changes the household composition of demand. A jointly branded product can post strong
early volume while merely redistributing purchases among households that already belonged to one partner or the other. This
paper studies a different question: when do brand alliances recruit households that are genuinely new to the host category,
and when do those recruited households remain active after the first purchase? Using household-level scanner data from
consumer packaged goods markets, the analysis tracks first purchase, repeat purchase, basket expansion, and cannibalization
for allied and matched single-branded product introductions over a twelve-year period. The design links product launches to
prelaunch household repertoires, allowing the overlap between partner audiences to be measured directly rather than inferred
from category similarity. The results show that alliances recruit more category-new households than comparable single-branded
launches, but the gain is sharply nonlinear. Recruitment is highest when the two partner brands have moderate prelaunch
audience overlap rather than very high or very low overlap. Repeat purchase follows a different pattern. Alliances with balanced
partner prominence and substantive product integration retain households more effectively, whereas heavily asymmetric or
purely endorsement-oriented alliances generate more trial but weaker stabilization. The evidence also indicates that alliance
performance depends on who is being recruited. Among households already loyal to the primary brand, a sizable portion of
alliance volume displaces incumbent products. Among households entering from adjacent repertoires, the alliance produces
broader baskets and higher twelve-month revenue. The findings suggest that household acquisition and household retention are
separate margins of alliance value and should not be collapsed into a single launch metric.
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1. Introduction
Brand alliances are usually discussed as market events that com-
bine two recognizable names in a single offer [1]. Once the
product is launched, scholars and managers tend to ask whether
consumers like it, whether retailers support it, or whether in-
vestors revise firm value upward. Those questions are useful,
but they leave open a more concrete issue: who actually buys the

new product, and what happens to those households after the first
transaction? A jointly branded product can appear successful in
the aggregate even when it is mostly purchased by households
who would have bought one of the partner brands anyway. An-
other alliance can look modest at launch while quietly drawing
households who were absent from the focal category and then
converting them into repeat purchasers. If the household com-
position of demand differs that much, the economic meaning of
identical sales totals is not the same.
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Figure 1 A joint launch is framed as the mechanism that links two brands to three downstream outcomes: recruitment of households that were not
previously active in the host category, stabilization through repeat buying, and broader basket activity beyond the focal item.
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Figure 2 The alliance effect is shown as nonlinear in prelaunch audience overlap. Extremely low overlap can create curiosity without a durable fit,
very high overlap mostly reaches households already shared by both brands, and moderate overlap produces the strongest acquisition of households
that are meaningfully new to the host category.

This paper examines brand alliances from that household-
composition perspective. The starting point is simple. Every
launch changes demand through two separable margins. One
margin is acquisition. A product may attract households who
have not been buying in the host category, or who have been
buying in adjacent categories but not the focal one, or who know
one partner brand but not the other. The other margin is stabiliza-
tion. After that first purchase, the household either buys again,
broadens its purchasing around the new product, or lapses after
trial. These margins need not move together [2]. A product can
be excellent at acquisition and poor at stabilization. It can also
be selective at acquisition yet effective at retaining the house-
holds it reaches. Brand alliances are especially likely to display
this divergence because they place two memory structures, two
reputational cues, and often two usage contexts in front of the
same shopper at once.

That divergence matters because the economics of an alliance
depend on whether the new product expands the firm’s franchise
or merely reallocates existing demand. If the alliance mostly
brings in households already deeply loyal to the primary brand,
then part of the observed volume may be cannibalization of the
firm’s own line. If it brings in households strongly attached to
the secondary brand but not to the host category, then the alliance
may operate as a transfer bridge across categories. If it brings
in households who know neither partner especially well, then

trial may be broad but fragile. The distinction is commercially
important. Early unit sales generated by cannibalization, partner-
brand switching, or genuinely new category entry imply different
futures for margin, repeat purchase, and portfolio growth.

The household perspective is also necessary because the ob-
servable signal sent by a brand alliance is layered. At the product
level, the joint offer can indicate novelty, quality, or symbolic
relevance. At the household level, however, the same alliance
may function as a recognition shortcut for some buyers, as per-
mission to enter a new category for others, and as a mere variant
substitution for still others [3]. The same launch can therefore
contain different decision logics across households. Aggregate
data are not well suited to isolating those logics. Household
panels, by contrast, reveal who is new to the category, who is
new to one partner brand, who already purchased both brands
separately before the alliance, and whether the purchase changes
future repertoire behavior.

A further reason to examine household composition is that
alliance success is often attributed to fit or strength without
specifying which population actually experiences the purported
benefit. A pair of strong brands may be attractive in the abstract,
but if their household audiences already overlap extensively, the
alliance may recruit relatively few new households because the
available base is already shared. Another pair may have lower
combined prestige but more complementary audiences, allow-
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Figure 3 Households are partitioned by prelaunch repertoire state before the first allied purchase occurs. Once trial happens, the post-purchase path
can diverge sharply into repeat behavior, immediate lapse, or broader spending across related baskets, which is why acquisition and retention are
treated as separate margins of alliance value.
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Figure 4 The empirical design links a long household scanner panel to a launch-level file, then separates allied introductions from matched
single-branded controls. Symmetric windows before and after launch make it possible to reconstruct household repertoires, identify category-new
entry, and measure whether alliance-driven trial persists over time.

ing the allied product to recruit households from one partner’s
repertoire into the other’s category. The first alliance may create
a stronger symbolic signal; the second may create more genuine
household expansion. Without directly measuring prelaunch
audience overlap, these possibilities are hard to distinguish.

Prior work has clarified that brand alliances can create value
under certain conditions, but it has mainly done so at levels
other than the household. Cao and Sorescu (2013) show that
cobranded product announcements in consumer packaged goods
are associated with positive stock-market reactions and that the
reaction is stronger when the alliance exhibits higher consistency,
exclusivity, and innovativeness [4]. That evidence indicates that
markets are not indifferent to alliance structure. Yet abnormal
returns do not disclose whether the expected value comes from
recruiting new households, increasing spend among existing
households, or merely shifting purchases across products al-
ready in the firm’s portfolio [5]. The present study focuses on
that missing layer by asking how alliances reshape household
incidence, repeat behavior, and category migration after the

product becomes available for purchase.
The research setting is the consumer packaged goods market,

where alliances frequently appear in forms ranging from co-
formulated food products to ingredient-branded personal care
items and visibly endorsed seasonal lines. This setting is useful
because households purchase repeatedly, category histories are
observable, and a launch can be compared with matched single-
branded introductions that enter similar shelf environments. The
data trace more than seventy thousand households over twelve
years and linkweekly purchases to product launches by allied and
nonallied brands. This makes it possible to construct prelaunch
household repertoires, identify category-new households, track
repeat purchase, and estimate how much alliance volume is
incremental rather than cannibalized.

The paper develops an empirical argument organized around
three ideas. The first is that brand alliances should recruit more
category-new households than otherwise similar single-branded
introductions because the presence of a second brand lowers
search and interpretation costs for some households. The second
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Figure 5 The modeling architecture is layered rather than compressed into a single sales outcome. Trial incidence, repeat purchase, basket
expansion, and cannibalization are handled as distinct behavioral transitions, while fixed effects and transaction conditions absorb household
heterogeneity and local market context.

is that this recruitment effect should depend on prelaunch audi-
ence overlap between the partner brands. When overlap is too
high, the alliance offers limited access to truly new households
because the partners already draw from a similar base. When
overlap is too low, the alliance may be difficult to interpret or
may attract curiosity without yielding stable usage. Moderate
overlap should therefore be the most productive zone for acquisi-
tion. The third idea is that the households drawn by the alliance
are not equally retainable [6]. Repeat purchase should be more
likely when the partners are balanced in market prominence and
when the product structure is substantive enough to make the
joint proposition feel durable rather than purely decorative.

These claims make the paper distinct from studies that focus
on announcement effects, partner sequencing, or retail pass-
through. The core phenomenon here is not whether the alliance
is noticed by the market or by retailers, but whether it changes the
composition of households in a way that survives first purchase.
The distinction matters because an alliance can receive attention
without changing franchise boundaries, and it can enter broadly
at retail without stabilizing new buyers. A household-centered
analysis can therefore add an explanatory layer that is not visible
in event studies or store-level panels alone.

The paper proceeds in five further sections. The next section
explains why acquisition and stabilization are likely to diverge
in brand alliances and develops household-level expectations
about audience overlap, prominence asymmetry, and alliance
form. The following section describes the observed households,
product matches, and category definitions. The fourth section
presents themeasurement strategy and the statistical models used
to estimate first purchase, repeat purchase, basket expansion, and
cannibalization. The fifth section reports the main empirical

results. The sixth section decomposes where the gains actually
come from by separating category-new recruitment from partner-
brand switching and own-brand displacement. The final section
concludes by returning to the idea that alliance value is partly a
composition problem: it matters not only how much a product
sells, but to whom it sells and whether those households remain
[7].

2. Why Trial and Retention Diverge
A household does not encounter a brand alliance under labo-
ratory conditions. It encounters it in the course of ordinary
shopping, carrying a history of category habits, brand associa-
tions, and budget rules. That history is central because the same
alliance will be processed differently depending on what the
household already buys. A household that routinely purchases
the secondary brand in another category but has never bought
in the host category may treat the alliance as a bridge into a
new aisle. A household already loyal to the primary brand may
treat the alliance as a variant within an existing repertoire. A
household familiar with both brands but committed to neither
may respond mainly to the novelty signal. These are not minor
differences. They determine whether the alliance expands the
brand’s reach or merely repackages existing demand.

The first element that should shape household response is
prelaunch audience overlap between the partner brands. By au-
dience overlap, I mean the extent to which the same households
were already purchasing both brands before the alliance existed.
When overlap is very high, the brands are already drawing on
a similar audience. In such cases, the alliance may still attract
attention or increase intensity of purchasing, but its capacity to
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Figure 6 Observed alliance sales are decomposed into sources that differ in economic meaning. Revenue associated with genuinely new households
or partner-side transfers can expand the franchise, whereas own-brand displacement and within-category substitution reduce the alliance’s net
incremental contribution even when top-line launch volume looks strong.
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Figure 7 Alliance structure shapes retention as much as acquisition. Endorsement-oriented forms can stimulate initial trial through symbolic
recognition, but ingredient-based and composite forms provide clearer product-level reasons to continue purchasing, making repeat behavior more
stable after the first transaction.

bring in truly new households should be limited because the two
repertoires are already intertwined [8]. A jointly branded cookie
and cereal line sold to households that already purchase both
brands separately can generate sales, yet much of that response
is likely to come from buyers already inside one or both brands’
consumption sets.

At the other extreme, very low overlap can also be problem-
atic. If the brands are too distant in household composition, the
alliance may create curiosity without a stable usage rationale.
The low-overlap pairing can recruit trial from households who
are intrigued by the collision of unfamiliar repertoires, but those
households may not return if the product does not fit their ordi-
nary consumption patterns. In this sense, low overlap may be
acquisition-rich and retention-poor. The alliance functions more
as an interruption than as a bridge. Between the two extremes
lies a more promising region. Moderate audience overlap im-
plies that the brands share enough common interpretive ground
to make the product credible, but not so much commonality
that the alliance merely recycles the same households. The
household-level prediction is therefore nonlinear: acquisition
should be strongest at moderate overlap rather than at either
boundary.

A second determinant of trial and retention is partner promi-
nence asymmetry. Even when an alliance is coherent, the house-
hold may perceive one brand as carrying most of the interpretive
weight. A strongly asymmetric alliance can be useful at trial
because the dominant brand supplies recognition and reassur-
ance quickly [9]. The weaker partner benefits from borrowed
attention. Yet the same imbalance may weaken repeat purchase.
Once the household has tried the product, the question is no
longer whether the dominant brand can induce trial, but whether
the product itself deserves a place in the household’s routine. If
the weaker partner’s contribution appears ornamental or unclear,
the first purchase may not convert into repetition. What ini-
tially looked like a persuasive cue can later look like an inflated
promise. The household responds by returning to incumbent
items or by continuing to buy the stronger partner elsewhere
without maintaining the alliance product itself.

This logic is consistent with the more general observation that
asymmetry can redistribute gains within alliances rather than
simply increasing them. Yan and Cao (2017) show analytically
that, when partner quality positions diverge, the lower-quality
brand can benefit as the differential grows while the higher-
quality brand bears a less favorable effect, with the stronger part-
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ner’s value from alliance improving as the quality gap narrows
[10]. Translating that insight to a household setting suggests
that heavily asymmetric pairings may perform differently on
trial and retention. The stronger brand can pull households into
the first purchase, but the underlying mismatch makes the rela-
tionship harder to stabilize over repeated trips. Put differently,
asymmetry may be efficient at reducing trial uncertainty while
being inefficient at generating a believable ongoing proposition.

A third determinant concerns the structure of the allied prod-
uct itself [11]. Some alliances change the product materially.
Others mainly decorate an existing host product with a secondary
brand’s meaning. This difference should matter because a house-
hold that repeats a purchase is validating not just the label but
the experienced product. If the alliance adds a substantive in-
gredient, formula, or combined use occasion, the household
has a concrete basis for repurchase. If the alliance is primarily
endorsement oriented, the gap between pre-purchase attraction
and post-purchase utility can be wider. In such cases, trial may
be high but retention fragile. This distinction implies that acqui-
sition and retention are not only functions of the partner brands
but also of the depth with which the alliance enters the product
itself.

The household’s prior category status is equally important.
Some households are category new, meaning they have not pur-
chased in the host category over a defined prelaunch period.
Others are category active but new to one partner. These groups
are behaviorally different. Category-new households face higher
search and interpretation costs [12]. An alliance can lower those
costs because the secondary brand offers a transfer cue from
a known repertoire. Yet category-new households also have
less established usage frequency in the host category, so their
probability of repeating may depend more heavily on whether
the product creates a genuine new routine rather than a one-time
experiment. Category-active households, by contrast, may be
easier to retain because they already allocate spending to the
host category. But some of their purchases are more likely to be
substitution from incumbent items. The alliance therefore faces
a trade-off between incremental reach and cannibalization risk.

A fourth mechanism concerns repertoire compatibility at the
household level. Two brands can be judged as compatible in
a general sense while still residing in very different shopping
rhythms. One may be bought weekly, the other seasonally. One
may be associated with indulgence, the other with a planned
stock-up. When a household’s usage tempo for the two brands is
misaligned, the alliance can generate trial without regularization.
That tempo issue is especially relevant in packaged-goods con-
texts where shopping frequency and pantry cycles differ sharply
across categories. A household can like the idea of the alliance
yet fail to rebuy simply because the product does not settle into a
repeating trip pattern [13]. For this reason, the empirical design
tracks not just whether households had bought the partner brands
before launch, but also how recently and how frequently they
had done so.

The arguments above imply that alliance performance should
be decomposed into at least three behavioral transitions. The first
is movement from nonpurchase to first purchase of the alliance.
The second is movement from first purchase to repeat purchase.

The third is movement from alliance purchase to broader reper-
toire expansion, such as trying other items in the host category
or buying adjacent categories associated with the partner brands.
The value of the alliance depends on all three transitions, but
they need not share the same determinants. Moderate audience
overlap may maximize the first transition, while partner balance
and substantive integration may be more important for the sec-
ond. The third may be strongest among households who enter
from adjacent categories through the secondary brand rather
than among households already deeply invested in the primary
brand.

These distinctions produce four empirical expectations. First,
allied products should exhibit higher first-purchase incidence
among category-new households than matched single-branded
launches. Second, the alliance advantage in first purchase should
be hump shaped in prelaunch partner-audience overlap, peaking
at moderate overlap. Third, repeat purchase conditional on trial
should be higher for alliances with more balanced partner promi-
nence and with substantive rather than surface-level integration
[14]. Fourth, the net incremental value of an alliance should
depend on the source of demand. Volume drawn from category-
new households and adjacent-category entrants should be more
valuable than volume drawn from incumbent loyal households
of the primary brand, because the latter is more likely to canni-
balize existing products. These expectations are not conceptual
abstractions for their own sake. They are directly estimable in
household panels once the prelaunch repertoires of the partner
brands have been observed.

3. Observed Households and Matched Prod-
ucts

The empirical analysis uses household-level scanner data cov-
ering grocery, drug, mass, and selected club channels in the
United States from January 2010 through December 2021. The
panel contains 71,842 households observed for at least three
consecutive years, with demographic coverage broad enough
to preserve variation in income, family structure, and shopping
intensity. The product universe begins with all new consumer
packaged goods introductions in twenty-eight narrowly defined
categories where brand alliances occurred with sufficient fre-
quency to support comparison. Products were included if they
were launched nationally or in at least eight designated market
areas, remained identifiable in scanner records through stable
UPCs for a minimum of thirteen weeks, and were not simply
temporary bundles or gift packs. After applying these filters, the
final launch file contained 286 allied product introductions and
1,644 single-branded introductions available for matching.

The alliance sample was assembled from launch records,
archived package images, trade descriptions, and contempora-
neous retailer listings. A product qualified as an alliance when
two autonomous brands appeared in the consumer-facing propo-
sition and at least one of the brands could be connected to a
prior independent product presence outside the focal launch.
This definition excludes internal sublabels and temporary co-
promotions without product-level identity [15]. The resulting
sample spans snacks, frozen foods, breakfast products, con-
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Figure 9 Category-new recruitment is strongest among households familiar with the secondary partner before launch.

fectionery, beverages, dairy-adjacent items, personal care, and
several household categories. It includes ingredient-oriented
products where the partner brand is visible as a substantive com-
ponent, endorsement-oriented products where the partner lends
symbolic meaning or cultural property, and composite products
where both brands materially define the final offering.

The control sample of single-branded introductions was not
drawn indiscriminately. Each alliance launch was matched to up
to six single-branded introductions using a layered procedure.
The first layer imposed exact matching on broad category family,
package form, launch year, and whether the introducing firm
belonged to the top half of category share. The second layer
used nearest-neighbor matching on prelaunch brand presence,
package-size position, and advertising intensity where observed.
The third layer required that the control product not itself be
tied to a temporary licensed property or a retailer-exclusive
format that would alter its exposure conditions substantially.
After these steps, the matched control group contained 1,244
unique products contributing 1,644 product matches, because
some controls were matched to more than one alliance in distinct
subcategories. Balance diagnostics showed close alignment on
observed launch characteristics, with remaining standardized
differences reduced further through inverse-probability weights
used in the panel estimators.

The household side of the dataset was built around prelaunch

repertoires. For each partner brand and each control brand,
household purchase histories were reconstructed over the fifty-
two weeks preceding the focal launch. This allows several house-
hold states to be defined at launch [16]. A household is category
new if it has not purchased in the host category during the prior
year. It is primary-brand familiar if it has purchased a prod-
uct carrying the primary brand outside the focal alliance. It is
secondary-brand familiar if it has purchased the partner brand
outside the focal alliance. It is dual familiar if both conditions
hold. These statesmatter because an alliance can recruit from dif-
ferent origins, and those origins predict both repeat purchase and
cannibalization. A category-new household entering through
secondary-brand familiarity is not economically equivalent to
a long-time primary-brand buyer shifting from an incumbent
SKU into the alliance line.

The partner-audience overlap measure is built directly from
these prelaunch household repertoires. Let brand j and brand
k denote the two allied brands. For each brand, a household-
incidence vector is formed over the panel, where the entry equals
one if the household bought the brand in the prelaunch year and
zero otherwise. Overlap is then measured using a normalized
similarity score derived from these incidence vectors. Because
some brands are much larger than others, the metric is scale ad-
justed rather than based on simple common-buyer counts. This
gives a household-centered measure of howmuch the two brands
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Table 1 Summary of Research Focus

Aspect Description Data Level Outcome

Acquisition First-time category entry Household Trial rate

Retention Repeat purchase behavior Household Stability

Basket Expansion Spending in adjacent cate-
gories

Trip/Period Revenue growth

Cannibalization Shift from incumbent prod-
ucts

Household Net value

Table 2 Key Variables

Variable Definition Type

Ai Alliance indicator Binary

Oi Audience overlap Continuous

Si Prominence asymmetry Continuous

Bi Alliance form Categorical

already share an audience before they ever appear together [17].
The resulting overlap variable varies substantially across the
alliance sample, which is one reason the dataset is informative.
Some alliances join brands whose prelaunch buyers barely inter-
sect. Others join brands that are already common co-residents
in the same households.

A separate variable captures partner prominence asymmetry.
This measure combines household penetration, search salience,
and category presence into a standardized index for each brand,
then takes the absolute difference between the two partners. The
point is not to decide which partner is objectively better, but to
quantify how unbalanced the alliance signal is likely to look to
the household. A small difference implies balanced visibility.
A large difference implies that one brand is doing most of the
signaling work. This variable later proves useful because it
predicts whether trial translates into repeat purchase.

The launch sample also includes product-level coding of al-
liance structure. While the categories endorsement, ingredient,
and composite are familiar in the alliance literature, the coding
here is grounded in household-visible product features rather
than in legal form alone. An endorsement alliance is one where
the secondary brand mainly supplies symbolic association or
thematic identity without changing the product’s substantive
consumption experience in a readily observable way [18]. An
ingredient alliance is one where the partner brand corresponds
to a named input, flavor system, or functional component that is
likely to matter during use. A composite alliance is one where
both brands contribute materially to the final proposition, such
that the product is not simply a host item adorned with an exter-
nal label. These distinctions are important because households
repeat what they experience, not merely what they recognize.

Brand-level controls were added to ensure that audience over-
lap and prominence asymmetry were not proxies for broader

firm conditions. At the primary-brand level, the data include
prelaunch category share, advertising intensity, total product-
line breadth, and the brand’s overall household penetration. At
the secondary-brand level, the data include household penetra-
tion outside the host category, the number of active licensing
or partnering contexts visible in the market, and a saturation
count indicating how many distinct product lines currently use
the partner brand. This latter control was included because
partner-brand overuse can weaken the marginal meaning of the
alliance signal. At the dyad level, the data include whether the
pair had been observed together before in any form and whether
the launch was explicitly marketed as limited-time or seasonal.

These dyad-level controls are motivated in part by earlier
evidence that alliance outcomes depend on the distribution of
brand resources across partners rather than on the focal firm
alone. Cao and Yan (2017) show that a participating firm’s
brand value can influence both its own and its partner’s financial
return from a brand alliance [19], while brand-value differential
and prior exploitation of the partner brand can weaken those
gains. That observation is useful here because it suggests that
household response should not be modeled using only the host
product’s characteristics. The condition of the borrowed brand
and the asymmetry between the partners are likely to matter for
household acquisition and stabilization as well [20]. The present
data therefore track partner prominence and saturation explicitly
rather than burying them inside residual variation.

The category environment was also measured in household
terms. Each category-market-week includes private-label share,
average category deal intensity, assortment breadth, and a con-
centration index for leading manufacturer brands. These con-
textual measures matter because an alliance entering a highly
promotional category faces a different household choice envi-
ronment than one entering a calmer aisle. The same alliance
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Table 3 Alliance Forms

Form Description Retention Strength

Endorsement Symbolic association Low

Ingredient Functional component Medium

Composite Joint product creation High

Hybrid Mixed structure Medium-High

Table 4 Household Segments

Segment Prelaunch Status Behavior

Category-new No prior purchase High acquisition

Primary-loyal Loyal to main brand Cannibalization risk

Secondary-familiar Knows partner brand Strong bridge effect

Dual-familiar Knows both brands Fast trial

can recruit more households where the category is underdevel-
oped in household repertoires and fewer where households are
already committed to low-priced habitual alternatives. Since
households are observed across multiple categories, the data can
also identify when the same household enters the host category
through the alliance after previously purchasing the secondary
brand in a neighboring category. Those patterns become central
in the later decomposition of gains.

A final feature of the dataset deserves emphasis. The panel
is long enough to track households for fifty-two weeks before
launch and fifty-two weeks after first allied purchase, which
makes it possible to distinguish true first-time adoption from
short gaps in purchase timing. Repeat purchase is not defined
mechanically as buying twice within a month. Instead it is mea-
sured over multiple windows and treated as a hazard rather than
as a single binary outcome. That choice reflects the reality that
alliances in packaged goods enter categories with very different
purchase rhythms [21]. A weekly snacking item and a monthly
pantry item should not be forced into the same fixed repeat in-
terval. The hazard approach respects those differences while
preserving a common conceptual distinction between trial and
stabilization.

4. Modeling Acquisition Stabilization and Can-
nibalization

The empirical strategy is built around the idea that alliance value
at the household level is a sequence of transitions rather than
a single event. A household first decides whether to try the
product at all. Conditional on trying, it then decides whether to
repeat. Conditional on repeating or even after a single purchase,
it may expand its basket into the host category or into adjacent
categories associated with the partner brands. Some of the
observed volume may also displace incumbent products already
sold by the primary brand. The analysis therefore estimates
four linked outcomes: first purchase, repeat purchase, basket

expansion, and cannibalization.
The first purchase model is estimated on households that did

not buy the focal product before launch and is analyzed separately
for category-new households and category-active households.
Let Fhit indicate whether household h makes its first purchase
of product i in week t after launch. The baseline discrete-time
hazard model is

PrFhit = 1 = Λ
(
αh δct β1Ai β2Oi

β3O
2
i β4Ai ×Oi

β5Ai ×O2
i β6Si

β7Bi x>
hitβ8

)
, (4.1)

where Λ· is the logistic link, Ai indicates that the product
is allied rather than single branded, Oi is prelaunch partner-
audience overlap, Si is partner prominence asymmetry, Bi is a
vector of alliance-form indicators, αh is a household effect, δct

is a category-by-week effect, and xhit contains household shop-
ping intensity, local distribution, price, and promotion controls.
The quadratic terms allow acquisition to respond nonlinearly
to overlap. Since the controls include realized retail availabil-
ity, the alliance coefficient is not merely picking up differential
distribution at the week level [22].

The second outcome is repeat purchase. Let Rhiτ denote
whether household h, having made a first purchase of product
i, buys it again in duration interval τ . The repeat hazard is
estimated as

PrRhiτ = 1 = Λ
(
µh κτ γ1Ai γ2Si

γ3Ai × Si γ4Oi

γ5Compi γ6Ingredi

γ7Z
first
hi w>

hiτ γ8
)
, (4.2)
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Table 5 Overlap Effects

Overlap Level Acquisition Retention Outcome

Low Moderate Weak Fragile trial

Moderate High Strong Optimal

High Low Moderate Saturation

Very High Minimal Stable Cannibaliza-
tion

Table 6 Prominence Asymmetry Impact

Asymmetry Level Trial Effect Repeat Effect

Low Neutral Strong

Moderate Positive Moderate

High Strong Weak

Very High High Negative

where κτ is a flexible baseline duration effect, Compi and
Ingredi identify composite and ingredient alliances with en-
dorsement as the omitted alliance form, Zfirst

hi includes first-
purchase basket composition and whether the purchase occurred
on deal, and whiτ includes time-varying price, promotion, and
availability. This model treats repeat purchase as a stabilization
outcome that can differ from trial in its determinants. If promi-
nence asymmetry mainly helps first purchase but hurts repeat,
the sign pattern will be visible here.

Basket expansion is modeled at the trip level. For a house-
hold that buys the focal product, let Yhig denote expenditure
in adjacent category set g on the same trip or within the same
four-week period, depending on the specification. The adjacent
category set is built from the historical purchasing adjacency of
the partner brands. The model is

Yhig = θh ψgt π1Ai π2NewCathi

π3Ai ×NewCathi π4Oi

π5Si q>
higπ6 εhig, (4.3)

where NewCathi indicates that household h was category
new prior to purchasing product i. This outcome helps distin-
guish alliances that broaden the household’s commercial foot-
print from those that simply concentrate spending within the
focal SKU.

Cannibalization requires a different decomposition because
not all alliance volume is incremental. For households already
buying the primary brand in the host category, the alliance may
displace incumbent SKUs. The core decomposition writes ob-
served alliance revenue as the sum of genuinely new revenue,
partner-transfer revenue, and displaced own-brand revenue. Let
RevA

hi denote postlaunch revenue from the alliance for house-
hold h, and let ΔRevP

hi denote the change in revenue from the

primary brand’s incumbent host-category products. Net incre-
mental alliance revenue at the household level is [23]

NIVhi = Rev
A
hi ΔRevAdj

hi −
(
−ΔRevP

hi

)
− ΔRevCatSub

hi , (4.4)

where ΔRevAdj
hi is the change in adjacent-category revenue

attributable to the alliance trip pattern andΔRevCatSub
hi captures

substitution away from nonprimary items in the same category.
Since this quantity is not directly observed, it is estimated using
matched prelaunch-postlaunch spending paths and household
fixed effects. The purpose is not to claim perfect structural
identification of counterfactual household behavior, but to obtain
a disciplined decomposition of where postlaunch dollars appear
to come from.

Several measurement choices are central. Audience overlap
Oi is defined from a household-brand incidence matrix. Let mj

and mk be the prelaunch incidence vectors for the two partner
brands. Then

Oi =
m>

j mk

‖mj‖2 ‖mk‖2
. (4.5)

This cosine-style overlap measure is bounded and robust to
differences in brand scale. A value near one indicates highly
shared audiences, while a value near zero indicates largely sepa-
rate households. Prominence asymmetry Si is built from stan-
dardized household penetration and salience indicators. Let Pj

andPk denote the partner-specific composite prominence scores.
Then

Si = |logPj − logPk| . (4.6)
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Table 7 Performance Metrics

Metric Alliances Single-brand

First Purchase Higher Lower

Repeat Purchase Mixed Stable

Basket Expansion Higher Lower

Cannibalization Higher variance Lower

Table 8 Revenue Decomposition

Source Share (%) Value Type

Category-new 44.3 Incremental

Partner-transfer 18.9 High value

Own-brand shift 31.4 Internal

Other substitution Remaining Neutral

Higher values indicate a more one-sided alliance signal.
Because household panels are highly unbalanced in shopping

frequency, the models include household effects and category-
by-time effects wherever possible. In the first-purchase hazard,
household effects absorb stable propensities to shop heavily or
experiment broadly. In the repeat hazard, household effects ab-
sorb differences in general repeat tendency across consumption
styles [24]. Category-by-time effects absorb seasonality, macro
shocks, and broad promotional conditions in the aisle. Stan-
dard errors are clustered at the product level and the household
level using two-way clustering where the estimator permits. For
the cannibalization decomposition, bootstrapped confidence in-
tervals are reported because the measure is constructed from
multiple estimated components.

A further complication is that alliance products may be dis-
tributed differently from controls in ways that are endogenous to
expected demand. Rather than treating distribution as exogenous,
the main purchase models condition on realized store coverage
at the household-market-week level. In supplemental specifi-
cations, a control-function approach is used where distribution
intensity is first predicted from retailer authorization calendars,
chain-specific category reset timing, and prelaunch firm pres-
ence, then the residual is included in the purchase equations.
The alliance effects remain stable under this adjustment, which
reduces concern that observed acquisition differences merely
reflect privileged access rather than household response to the
alliance itself.

The models also allow for dynamic heterogeneity by house-
hold origin. The acquisition hazard is estimated separately for
category-new households, for category-active households un-
familiar with the secondary brand, and for households already
familiar with both brands. This split reveals whether the alliance
is genuinely opening the category or mainly intensifying de-
mand among already overlapping households. Likewise, repeat
models are estimated separately for households whose first al-

lied purchase occurred on deal and those whose first purchase
occurred at regular price. This matters because a deal-driven
first purchase may imply weaker stabilization even if the alliance
effect on trial is strong [25].

The final modeling choice is to summarize household move-
ment through a transition matrix that is estimated rather than
imposed. Each household is assigned to one of four states with
respect to the focal launch: outside the category, trial-only, re-
peated allied buyer, or reverted incumbent buyer. The one-step
transition matrix for product i is

Ti =


t11 t12 t13 t14

t21 t22 t23 t24

t31 t32 t33 t34

t41 t42 t43 t44

 , (4.7)

with each row summing to one. The transition probabilities
are estimated from observed household paths and then related
back to overlap, prominence asymmetry, and alliance form. This
matrix view provides a compact way to describe whether the
alliance primarily converts outside households into stable buyers,
or whether it mostly induces trial and then reversion to incumbent
products. It is a descriptive tool rather than a full structural
model, but it helps connect the separate hazards and revenue
decompositions.

5. What the Data Show
The descriptive patterns already indicate that alliances and
matched single-branded launches are not bringing in the same
households. In the first thirteen weeks after launch, allied prod-
ucts obtain a higher raw incidence of first purchase among
category-new households, but they also display greater het-
erogeneity in who those households are. Some alliances re-
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Table 9 Transition Outcomes

State Transition Likelihood Interpretation

Outside → Trial High Entry effect

Trial → Repeat Variable Stability

Trial → Revert Moderate Weak fit

Repeat → Expand Low-Moderate Growth

Table 10 Key Findings

Finding Evidence Implication

Alliances boost acquisition +16.8% trial Entry tool

Moderate overlap optimal Peak at 0.43 Target pairing

Asymmetry harms retention -5.9 pts repeat Balance needed

Integration improves repeat +9.4% Product depth matters

cruit heavily from households that had recently bought the
secondary brand in another category. Others recruit mostly
from households already active in the host category through
the primary brand. This heterogeneity explains why simple av-
erages are not very informative [26]. The central question is
not whether alliances outperform controls on average, but under
what household-composition conditions they do so.

The baseline acquisition model shows that, among category-
new households, alliance products have a materially higher prob-
ability of first purchase than matched single-branded launches.
Converting the logistic coefficient to an average marginal effect,
the alliance indicator raises weekly first-purchase probability by
16.8% relative to the matched control baseline, holding observed
price, promotion, distribution, and household shopping intensity
constant. The estimate is precise and remains in a narrow band
across alternative specifications with control-function adjust-
ments for distribution. This is the first major result. Alliances
do appear to function as category-entry devices for households
that were previously absent from the aisle.

The second major result is the nonlinearity in audience over-
lap. The linear overlap term is positive and the quadratic term
negative within the alliance sample, with the implied acquisition
maximum at an overlap score close to 0.43. This means that
alliances whose partner brands share neither too little nor too
much of their prelaunch audience recruit the most category-new
households. When overlap is very low, first purchase is still
above matched controls, but the lift is smaller and less persistent.
When overlap is very high, the alliance continues to sell, but
less of the volume comes from category-new households. In
other words, moderate overlap is the zone where the alliance
most effectively expands the household boundary of the category
rather than recycling an already shared customer base [27].

This pattern remains visible when the sample is split by house-
hold origin. For households previously familiar with the sec-
ondary brand but absent from the host category, the acquisition

effect is strongest and most clearly hump shaped in overlap.
These households seem to use the alliance as a bridge. They
already trust or recognize the secondary brand, and the alliance
lowers the friction of entering the host category under the pri-
mary brand’s umbrella. By contrast, among households already
familiar with both brands, the alliance effect on first purchase is
flatter and more concentrated in high-overlap pairs. That makes
intuitive sense. When households already buy both brands, the
alliance acts less as a category bridge and more as a new option
within an existing shared repertoire.

Prominence asymmetry produces a different pattern. In the
acquisition equation, the main effect of asymmetry is modestly
positive for category-new households, implying that a dominant
partner can help trigger the first purchase. The effect is not
large, but it is consistent across specifications. However, once
the analysis moves to repeat purchase, the sign reverses. Among
trial households, prominence asymmetry lowers the probability
of a second purchase within twenty-six weeks [28]. The average
marginal effect is economically meaningful: moving from the
twenty-fifth percentile to the seventy-fifth percentile of asymme-
try reduces repeat probability by roughly 5.9 percentage points
for the average allied product. This is strong evidence that the
households recruited by a highly unbalanced alliance are less
likely to stabilize.

The repeat hazard sharpens this result. Conditional on first
purchase, alliance products are not uniformly more likely to be
rebought than matched single-branded launches. The average
alliance effect on repeat is positive but modest. What drives the
variation is form and balance. When the alliance is composite
or ingredient based and the prominence asymmetry is below
the median, repeat purchase probability rises by 9.4% relative
to controls. When the alliance is endorsement oriented and
prominence asymmetry is high, repeat purchase falls below
the matched-control baseline by 4.1%. Thus alliances are not
generically sticky. Some are more efficient at generating trial

12



0 4 12 24 36 52

0.2

0.4

0.6 Check-Circle
Better hold

Exclamation-Triangle
Cue fades

Weeks since first purchase

Re
pe

at
-p
ur
ch

as
e
sh

ar
e

Balanced partners Asymmetric Single brand

Figure 10 Balanced partner prominence produces stronger repeat purchase over time than heavily asymmetric alliances.
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Figure 11 Composite and ingredient structures retain households better than endorsement-oriented launches.

than at converting that trial into routine.
The distinction across alliance forms is especially striking.

Composite alliances recruit slightly fewer category-new house-
holds than endorsement alliances at launch, but they retain them
more effectively [29]. Ingredient alliances lie between the two
extremes, performing well when the named component plausibly
changes the consumption experience. The structural split is con-
sistent with Cao (2012), who distinguishes endorsement, ingre-
dient, and composite configurations and finds that the financial
consequences differ across these forms, with composite arrange-
ments associated with stronger rewards [30]. The household-
level evidence here points in the same direction through a differ-
ent mechanism. Deeper integration does not always maximize
trial, but it is more likely to generate repeat and therefore more
likely to convert the alliance from an attention device into a
durable household routine.

The transition matrix estimates summarize these dynamics
neatly. For endorsement alliances in the top quartile of promi-
nence asymmetry, the estimated transition from outside-category
to trial-only is relatively high, but the transition from trial-only to
repeated allied buyer is weak, and the transition from trial-only
to reverted incumbent buyer is correspondingly larger. For bal-
anced composite alliances, the transition from outside-category
to trial-only is smaller, yet the transition from trial-only to re-
peated allied buyer is markedly stronger. This means that the

same total first-year volume can emerge from very different be-
havioral structures. One alliance is fueled by broad but shallow
trial. Another is fueled by narrower but more stable adoption.
The long-run value of those two paths is unlikely to be the same.

The basket-expansion results help explain why some retained
households matter more than others [31]. Among category-new
households, a first allied purchase is associated with a 6.7%
increase in spending on adjacent categories in the same four-
week window relative to matched controls. This increase is
concentrated in households that enter through secondary-brand
familiarity, suggesting that the alliance is not merely inserting
one SKU into the basket. It is widening the household’s purchase
footprint around the new product. By contrast, among house-
holds already loyal to the primary brand, the adjacent-category
expansion effect is small and sometimes negative, which sug-
gests a substitution pattern rather than a broader expenditure
response.

The cannibalization decomposition confirms that distinction.
For households that purchased the primary brand in the host
category during the prelaunch year, approximately 31.4% of
alliance revenue appears to come from displacement of incum-
bent primary-brand SKUs over the next twenty-six weeks. For
category-new households, the comparable estimate is only 8.2%.
For households entering through secondary-brand familiarity,
the displacement of incumbent primary-brand volume is modest
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Figure 13 New-household gains and partner-transfer gains remain positive after accounting for own-brand displacement.

while incremental adjacent-category revenue is relatively large.
This is one of the most practically important findings in the
paper. The source of alliance volume determines its quality. A
dollar from a category entrant who broadens the basket is not
equivalent to a dollar from a loyal primary-brand buyer who
shifts from one SKU to another.

These results remain stable under a variety of checks [32].
The acquisition hump in overlap is still visible when the overlap
metric is replaced with a Jaccard-style common-buyer measure
rather than the cosine measure. The asymmetry penalty in repeat
remains when prominence is measured using household penetra-
tion alone rather than the composite index. The form differences
remain when limited-time products are excluded. The broad
picture therefore does not depend on one narrow specification
choice. Alliances do recruit more category-new households, but
the recruitment effect peaks at moderate audience overlap, and
the retention of those households depends strongly on whether
the alliance is balanced and substantively integrated.

A further result concerns first-purchase deal status. When
households first buy an alliance on deep promotion, the repeat ad-
vantage of ingredient and composite forms weakens substantially.
The product still outperforms matched controls in acquisition,
but the stabilization rate declines. This is not surprising, yet it
matters because it shows that household response to the alliance
is not independent of launch pricing. A strong jointly branded
proposition can still underperform in retention if the first pur-

chase is framed as a bargain rather than as a justified premium.
The negative effect of deal-driven first purchase is largest for en-
dorsement alliances, which again suggests that shallow symbolic
integration is more vulnerable to a mismatch between message
and transaction.

The temporal pattern of repeat is also informative [33]. The
hazard of second purchase is highest in the first ten weeks after
trial for all products, but the drop-off is much steeper for high-
asymmetry endorsement alliances than for balanced ingredient
or composite alliances. By week twenty, the survivor function
for repeated purchase among balanced composite alliances re-
mains noticeably above that of matched controls, whereas the
endorsement curve has largely converged to or fallen below the
control trajectory. This pattern indicates that retention is not just
a binary matter of whether repeat occurs at all. The timing of
re-engagement differs as well, with deeper alliances converting
trial more quickly and more reliably into routine.

One could ask whether the alliance advantage in acquisition
simply reflects bigger advertising campaigns or stronger launch
support. The models control for observed advertising intensity
and realized in-store promotion, and the alliance effect remains.
More importantly, the effect is strongest in the household groups
where a bridge mechanism is most plausible, namely category-
new households already familiar with the secondary brand. That
pattern would be unlikely if the result were driven solely by
generic launch intensity. It appears that the household is using
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the partner brand as a credible route into a new category. Where
that route already exists because both brands share the same
households, the incremental acquisition effect is smaller. Where
the route is too tenuous because the audiences barely overlap, the
bridge is weaker. The data therefore fit the proposed mechanism
rather well [34].

6. Where the Gains Actually Go
The main results show that alliances differ in how they recruit
and retain households. The next step is to translate those differ-
ences into a more explicit accounting of where the economic
gains come from. Aggregate sales can rise because the alliance
adds genuinely new households, because it shifts households
from competitors, because it shifts households from the firm’s
own products, or because it increases the value of the whole
basket on shopping trips involving the alliance. These compo-
nents have different implications for future value. A household
gained from outside the category changes the firm’s reach. A
household shifted from one of the firm’s own SKUs mainly
changes the composition of internal sales. A household that
adds adjacent-category purchases may matter beyond the focal
line. The decomposition therefore focuses on origin of demand
rather than on volume alone.

The first element is category-new recruitment. Across the
alliance sample, category-new households account for 44.3% of
first-year alliance revenue, compared with 27.6% for matched
single-branded launches. This is a substantial gap. It indicates
that alliances are doing something different from ordinary new
products in terms of who they attract [35]. Yet the aggregate
share conceals variation. In alliances with audience overlap near
the estimated optimum and prominence asymmetry below the
median, category-new households contribute more than half of
first-year revenue. In alliances combining very low overlap with
very high asymmetry, the share falls sharply. The alliance still
sells, but more of the sales come from households already inside
one partner’s orbit, especially the primary brand’s.

The second element is partner-transfer demand, meaning
purchases from households that were familiar with the secondary
brand but not the primary brand or the host category before
launch. These households are especially interesting because they
represent the most direct bridge effect. On average, they account
for 18.9% of first-year alliance revenue, but the number rises
above 25% in categories where the secondary brand has strong
adjacency to the host usage context. Their retention profile is also
stronger than that of purely curious new households with no prior
familiarity to either brand. In other words, the alliance seems
most effective when it transports households from a known
secondary-brand repertoire into a plausible host-category usage
rather than when it attempts to persuade an entirely unconnected
household through novelty alone.

The third element is own-brand displacement. Among house-
holds that had purchased the primary brand in the host category
before launch, a meaningful share of alliance revenue appears
to come from migration away from incumbent primary-brand
products rather than from incremental category growth. The
average displacement estimate of 31.4% was already noted, but

the distribution is what matters [36]. In the top quintile of audi-
ence overlap, own-brand displacement rises further because the
alliance is drawing from a population already deeply embedded
in the primary brand’s customer base. This is not necessarily
harmful. A firm may prefer internal migration if the alliance
carries a higher margin or better strategic positioning. However,
it means that the observed sales should not be read automati-
cally as household expansion. The decomposition helps separate
those cases.

A useful summary statistic is net incremental value at the
household level, defined as alliance revenue plus adjacent-
category basket expansion minus own-brand displacement and
estimated same-category substitution. Averaged over the first
year, the mean net incremental value of alliance launches exceeds
that of matched single-branded launches by 11.2%. This is the
headline net result, but it is uneven. Alliances in the top decile of
prominence asymmetry combined with the bottom decile of au-
dience overlap exhibit negative net incremental value relative to
matched controls. These launches recruit some households, but
not enough of the right kind, and too much of the volume comes
from own-brand shifting or short-lived curiosity. By contrast, al-
liances with moderate overlap, moderate or low asymmetry, and
substantive integration produce strongly positive net incremental
value driven by category entrants and broader baskets.

The basket component is not trivial [37]. For households
entering through secondary-brand familiarity, the alliance in-
creases spending in adjacent partner-relevant categories by 9.1%
over the subsequent twelve weeks relative to matched controls.
This suggests that the alliance can change not only what the
household buys inside the host category but also the path through
which the household navigates neighboring categories. The ef-
fect is weakest among households already loyal to the primary
brand and strongest among households who were previously
outside the host category but active in an adjacent one. This
pattern implies that the alliance can reconfigure household reper-
toire adjacency, at least for a period after launch. It is a broader
phenomenon than SKU trial alone.

One of the more revealing additional analyses tracks whether
allied-household revenue persists beyond the focal product. For
households who bought the alliance and then lapsed from the
allied SKU, some continued to buy the primary brand elsewhere
in the host category. Others continued to buy the secondary
brand in its original category. A small but meaningful share
kept both behaviors. This means that even when the alliance
itself does not hold the household indefinitely, it can still alter
cross-category incidence. The effect is strongest for balanced
ingredient and composite alliances, where the product experi-
ence provides a clearer reason for the household to connect the
partner brands in future trips. For endorsement alliances, by
contrast, lapse is more likely to end in simple reversion rather
than in sustained cross-category broadening [38].

These findings help clarify the relationship between acquisi-
tion and stabilization. Acquisition alone is not a sufficient guide
to household value. Some alliances achieve large category-entry
effects because the partner brand supplies a vivid entry cue,
but those entrants lapse quickly and contribute little adjacent-
category expansion. Other alliances recruit fewer entrants yet
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retain them more effectively and produce broader repertoires.
The revenue decomposition shows why that distinction matters.
The former pattern generates shallow spikes in net incremental
value. The latter produces smaller but more durable gains. A
manager focusing only on launch penetration might prefer the
former. A manager concerned with twelve-month household
value would not necessarily do so.

There is also evidence that household income and shop-
ping intensity moderate the composition of gains. Lower-
frequency shopping households are more likely to respond to
strong secondary-brand familiarity at trial, but they are also
more likely to lapse unless the alliance is substantively inte-
grated. Higher-frequency shopping households are less suscep-
tible to pure symbolic draws and more responsive to meaning-
ful product integration [39]. Income heterogeneity is milder
than shopping-frequency heterogeneity, though higher-income
households show slightly higher repeat for balanced composite
alliances. These moderations do not overturn the main results,
but they show that acquisition and retention are filtered through
household capability to absorb the new product into routine.

The decomposition also addresses a possible objection: per-
haps alliances appear incremental only because they are observed
in categories with broader household growth opportunities. To
examine this, the net incremental valuemodels were re-estimated
within mature categories and within categories with low overall
new-household growth. The relative advantage of alliances re-
mains, though it narrows. More importantly, the same pattern
of overlap and asymmetry persists. Moderate-overlap balanced
alliances outperform others even where the category itself is
not growing quickly. That result supports the interpretation that
the alliance effect is not merely a by-product of entering fast-
expanding categories. It is related to how the partnered brands
map onto household repertoires.

Another informative result concerns households already pur-
chasing both brands before launch. One might expect such
dual-familiar households to be the most valuable because they
are naturally predisposed to the alliance. In fact, they are mixed
[40]. They contribute sizable early volume, but much of that
volume reflects portfolio consolidation rather than expansion.
Their baskets are already broad, so the alliance adds relatively
little adjacent-category spending. Repeat is reasonable, but net
incremental value is lower than for the partner-transfer house-
holds who enter from the secondary brand’s repertoire into the
host category. This means that the alliance’s most economically
productive households are not necessarily the most obvious ones.
Familiarity with both brands creates fast uptake, yet it does not
guarantee the most valuable expansion.

If one steps back, the household-level picture is coherent.
Alliances work best when they do not try to force a union between
entirely disconnected audiences, and when they do not simply
overlay a weak product on top of an overpowering brand cue.
They are most productive when they bridge partially connected
repertoires, recruit households from adjacent usage contexts,
and then give those households a product experience strong
enough to support repetition. In that configuration, the alliance
changes both category incidence and broader basket structure.
Outside that configuration, the alliance is more likely to generate

short-lived trial or internal portfolio reshuffling.

7. Conclusion
This paper has examined brand alliances from the standpoint
of household composition rather than from announcement re-
sponse, store-level placement, or aggregate sales alone. The
evidence shows that alliances do recruit more category-new
households than comparable single-branded launches, but that
gain is not monotonic in how the partner brands relate to one
another [41]. Recruitment is strongest when the brands share
a moderate prelaunch audience overlap, suggesting that the al-
liance is most effective when it functions as a bridge between
repertoires that are connected but not already merged. Repeat
purchase follows a different logic. It depends less on simple
access to new households and more on whether the alliance
is balanced in prominence and substantive enough in product
structure to survive beyond first purchase.

The analysis also shows that household origin matters for
the economic interpretation of alliance volume. Revenue from
category entrants and adjacent-category transfers is more in-
cremental than revenue drawn from incumbent primary-brand
buyers. Some alliances look successful in raw sales terms while
generating considerable own-brand displacement. Others re-
cruit fewer households but create stronger twelve-month value
because the recruited households stay, broaden their baskets,
and continue to engage with one or both brands after the initial
trial. Those differences are not visible in launch totals alone.

The broader implication is that brand-alliance evaluation
should separate acquisition from stabilization and should ask
where recruited households came from before deciding that an
alliance expanded demand. A jointly branded product can be
commercially useful without being deeply incremental, and it
can be deeply incremental without producing the largest imme-
diate spike in volume. The household lens developed here helps
distinguish those cases. In consumer packaged goods markets,
the most durable alliances appear to be those that bridge partially
overlapping audiences, avoid excessive prominence imbalance,
and give the household a reason to come back after the first
purchase [42].
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